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HOW DO WE TYPICALLY SELECT
EVIDENCE-BASED PRACTICES?




What Evidence
is EBP? P.I.C.O.(T.) T_alﬂe_ Apply & Assess

SO... HOW DO WE TYPICALLY SELECT EVIDENCE-BASED
PRACTICES?

HTTP://GUIDES.LIBRARY.UWM.EDU/EBPTUTORIAL



1. Community q

assessment 2. Quantifying the
issue

7. Evaluating the

program or policy 3. Developing a concise

statement of the issue

6. Developing an action
plan and implementing 4, Determining what is
interventions known through the

scientific literature

5. Developing and
prioritizing program
and policy options

SO... HOW DO WE TYPICALLY SELECT EVIDENCE-BASED
PRACTICES?

HTTPS://WWW.CDC.GOV/PCD/ISSUES/2013/12_0275.HTM
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SO... HOW DO WE TYPICALLY SELECT EVIDENCE-BASED

PRACTICES?

(SOURCE: COMMUNITY GUIDE AND USPSTF REPORTS)
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SO... HOW DO WE TYPICALLY SELECT EVIDENCE-BASED
PRACTICES?

REF: HASSMILLER LICH ET AL., PREVENTING CHRONIC DISEASE


https://www.google.com/url?sa=i&rct=j&q=&esrc=s&source=images&cd=&ved=0ahUKEwixrN2Xo9XVAhUni1QKHT2GAU4QjxwIAw&url=http://blogs.studentlife.utoronto.ca/lifeatuoft/2016/10/28/how-do-they-do-it-juggling-academics-and-athletics/&psig=AFQjCNHLxy4O2GTxdrtVFI_YzVFNZpwPTw&ust=1502750262800267 Lin
https://www.google.com/url?sa=i&rct=j&q=&esrc=s&source=images&cd=&ved=0ahUKEwixrN2Xo9XVAhUni1QKHT2GAU4QjxwIAw&url=http://blogs.studentlife.utoronto.ca/lifeatuoft/2016/10/28/how-do-they-do-it-juggling-academics-and-athletics/&psig=AFQjCNHLxy4O2GTxdrtVFI_YzVFNZpwPTw&ust=1502750262800267

Select evidence-based
strategies to solve the
health problem of interest.

Segment the target population Determine which local leaders
into discrete groups with the and organizations have influence
same ar similar characteristics, on the target population,
* * Conduct
academic
Conduct research with each Conduct research with these research to test
segment to learn its perception of leaders and organizations to the affacts of the
the benefits of and barriers to each learn their assessment of the disseminated
salected avidence-based strategy. selected evidence-based strategies. evidence-based
strategies
On the basis of the (including any
research findings, determinge how disparity in the
best to disseminate the selected effects among
strategies in ways that appeal various
to the target population, populations).

Design distribution channels

through which to disseminate

the adapted evidence-based
strategies.

SO... HOW DO WE TYPICALLY SELECT EVIDENCE-BASED
PRACTICES?

HTTPS:// WWW.CDC.GOV/PCD/ISSUES/2007/OCT/07_0025.HTM



Translating
Research
into Action

IMPLEMENTATION
How do | ensure the
intervention is
delivered properly?

SO... HOW DO WE TYPICALLY SELECT EVIDENCE-BASED
PRACTICES?

HTTP://AZHIN.ORG/CUMMINGS/RE-AIM



HOW COULD WE LEVERAGE
SIMULATION?




Know what
works
(evidence)

Know your
population

Know

Know what i
it takes to whatis

implement .Olreody
in place

Know
system
capacity
and
strengths

Know what
is coming...

THE PUZZLE OF LOCAL DECISION MAKING

ENGAGING DECISION MAKERS WITH SIMULATION CAN HELP!
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THE PUZZLE OF LOCAL DECISION MAKING

ENGAGING DECISION MAKERS WITH SIMULATION CAN HELP!



Know what
Weltl'S
(evidence)

Know your
population

Know

Know \Wisleli what is
it takes to

implement already
in place

Know

system Know what
capacity is
and coming...
strengths

Differences in the population targeted
can change impact!

. What if my population is older?

. More racially diverse?

. Less likely to stay insured?

. More rural?

What if our state is doing a great job
with a subpopulation already?

. Medicaid screening rates are high

. Just had a big colonoscopy initiative

What if an intervention requires
something that isn't in placee

. Mass media encouraging colonoscopy...
but no accesse

We address this by:

. Projecting screening to the local
population (census data is key)

. Basing current screening estimates on local
data (claims, administrative)

THE PUZZLE OF LOCAL DECISION MAKING

ENGAGING DECISION MAKERS WITH SIMULATION CAN HELP!



SIMULATION ALLOWS DECISION MAKERS TO PROJECT
CURRENT SCREENING PATTERNS TO THE LOCAL POPULATION

Percent of age elgible residents up-to date under testing as usual scenano, 2023

Percent up-to-date with CRC testing
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SIMULATION ALLOWS DECISION MAKERS TO PROJECT CURRENT
SCREENING PATTERNS TO THE LOCAL POPULATION

IMPACT ON % UP-TO-DATEIN 10'"" YEAR OF POLICY WINDOW
BASELINE AND %AGE POINT INCREASES FOR EACH INTERVENTION

Voucher

Testingas | Malled Endoscopy Mass Media for
usual Reminder Expansion Uninsured
Overall 53.6% +0.3% +0.0% +0.4% +0.1%
y sex
Males 54.7% +0.3% +0.0% +0.6% +0.2%
Females 52.4% +0.5% +0.0% +0.5% +0.1%
Byrace
Whites 54.7% +0.3% +0.0% +0.4% +0.1%
Blacks 51.4% +0.9% +0.0% +1.4% +0.2%
Others 47.5% +0.5% +0.0% +0.4% +0.4%
By insurance
Private 56.2% +0.0% +0.0% +0.5% +0.0%
Medicald 50.3% +4.6% +0.2% +0.8% +0.0%
Medicare 51.3% +0.0% +0.0% +0.4% +0.0%
Dual 448% +3.5% +0.1% +0.7% +0.0%
Uninsured 14.6% +0.0% +0.0% +0.6% +1.1%
N Us(



« Chadllenges:

e « The “system” is big!
o * ... and constantly
gorme  whas changing
el G . Micro costing is
Know - difficult
°t°y2:§: coming.. + Uncertainty in
o evidence

THE PUZZLE OF LOCAL DECISION MAKING

ENGAGING DECISION MAKERS WITH SIMULATION CAN HELP!



SYSTEM MAPPING

« Many practical and systematic ways
for groups to document current systems

* Process flow diagramming to describe
current or proposed practices

* Whole system mapping to document
current programs, services, initiafives

« Asset mapping or system support mapping
to elicit resources, sirengths, needs

W UNC
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WE TYPICALLY ESTIMATE COST/IMPACT AND COMPARE
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INSTEAD, WE CAN DISCUSS...

_-What Combination of Cost Multipliers & Effect Multipliers are fundable for a given willingness to pay level?

Mass Media Intervention Cost $3,000,000

Willingness to pay (WTP)

Mass Media:
Fundable Cost/Effect Multiplier Combinations
(below the curve)
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Minimum Effect Multiplier



INSTEAD, WE CAN DISCUSS...

Mailed Reminder Intervention Cost $1,619,578
Willingness to pay (WTP)

Mailed Reminder:
Fundable Cost/Effect Multiplier Combinations
(below the curve)
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Reccommendation based on most Life Years UTD
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Know what

works snowyour = ST JN-IN[Ne}

(evidence) population

Know
Know what what is

ALIGNMENT I;Lgll"é‘fnsggf already

in place

Know
system

capacity WAGEEES BUY IN
and

strengths

THE PUZZLE OF LOCAL DECISION MAKING

ENGAGING DECISION MAKERS WITH SIMULATION CAN HELP!



TARGET AUDIENCES

State or local public health leaders and policy makers who
want to know the benefits and trade-offs of public health
interventions

Organizations responsible for specifying clinical and public
health practice guidelines (e.g., the US Preventive Services
Task Force, the American Cancer Society, and the Centers for
Disease Control and Prevention);

State systems such as health plans, accountable care
organizations, or coadlitions

Local systems such as healthcare and hospital systems, large
employers, Federally Qualified Health Centers, AHEC regions

Clinician and/or public health researchers
Patients and patient advocates in the community

m BNG




THANK YOU!



mailto:klich@unc.edu

Simulation model components

& data sources

Underlying Population

Screening Patterns

Disease Progression

Intervention Effects

Cenaus dati Claims data Cancer Registry Literature Review
2005-2010 American Medicare, Medicaid, Blue RTI Model Population-based data on Ewidence on interventions
Community SiiiveyiPublic Cross Blue Shield and finked Natural history of adenomas incident CRC cases (counts, to increase CRC screening,
Use Microdat':‘sym e community data such as the and cancer patient demographics, stage existing CRC simulation
P Area Resource File at diagnosis) models, and cost studies
Project from -
sample to Statistical model _ )
population develop and testing Calibration of CRC nterventions to consider;
1 natural history intervention el«u and costs
‘ rs
Synthetic population Statistical models P Intervention
arameter
Realistic population of all Logistic regression models estimates scenarios
individuals who will be eligible predicting individuals' Approaches for improving
for CRC screening over the preferred screening modality poputation-level screening
10-year policy window and likelihood of compliance Parameter compliance

\Popuaﬁon

input file

Structural assumptions and
parameter values used to simulate
h intervention and scenario

NC-CRC Simulation Model

Geo-spatially explicit, population-based, individual-level discrete-event simulation
model of the natural history of CRC progression and screening behaviors

==




